
References

Abramowitz, M. and I. A. Stegun (1965). Handbook 
of Mathematical Functions. Dover.

Adler, S. L. (1981). Over-relaxation method for the 
Monte Carlo evaluation of the partition func­
tion for multiquadratic actions. Physical Review 
D 23, 2901-2904.

Ahn, J. H. and J. H. Oh (2003). A constrained 
EM algorithm for principal component analysis. 
Neural Computation 15(1), 57-65.

Aizerman, M. A., E. M. Braverman, and L. I. Rozo- 
noer (1964). The probability problem of pattern 
recognition learning and the method of potential 
functions. Automation and Remote Control 25, 
1175-1190.

Akaike, H. (1974). A new look at statistical model 
identification. IEEE Transactions on Automatic 
Control 19, 716-723.

Ali, S. M. and S. D. Silvey (1966). A general class 
of coefficients of divergence of one distribution 
from another. Journal of the Royal Statistical So­
ciety, B 28(1), 131-142.

Allwein, E. L., R. E. Schapire, and Y. Singer (2000). 
Reducing multiclass to binary: a unifying ap­
proach for margin classifiers. Journal of Machine 
Learning Research 1, 113-141.

Amari, S. (1985). Differential-Geometrical Methods 
in Statistics. Springer.

Amari, S. (1998). Natural gradient works efficiently 
in learning. Neural Computation 10, 251-276.

Amari, S., A. Cichocki, and H. H. Yang (1996). A 
new learning algorithm for blind signal separa­
tion. In D. S. Touretzky, M. C. Mozer, and M. E. 
Hasselmo (Eds.), Advances in Neural Informa­
tion Processing Systems, Volume 8, pp. 757-763. 
MIT Press.

Anderson, J. A. and E. Rosenfeld (Eds.) (1988). 
Neurocomputing: Foundations of Research. MIT 
Press.

Anderson, T. W. (1963). Asymptotic theory for prin­
cipal component analysis. Annals of Mathemati­
cal Statistics 34, 122-148.

Andrieu, C., N. de Freitas, A. Doucet, and M. I. Jor­
dan (2003). An introduction to MCMC for ma­
chine learning. Machine Learning 50, 5-43.

Anthony, M. and N. Biggs (1992). An Introduction 
to Computational Learning Theory. Cambridge 
University Press.

Attias, H. (1999a). Independent factor analysis. 
Neural Computation 11(4), 803-851.

Attias, H. (1999b). Inferring parameters and struc­
ture of latent variable models by variational 
Bayes. In K. B. Laskey and H. Prade (Eds.), 
Uncertainty in Artificial Intelligence: Proceed­

711



712 REFERENCES

ings of the Fifth Conference, pp. 21-30. Morgan 
Kaufmann.

Bach, F. R. and M. I. Jordan (2002). Kernel inde­
pendent component analysis. Journal of Machine 
Learning Research 3, 1-48.

Bakir, G. H., J. Weston, and B. Scholkopf (2004). 
Learning to find pre-images. In S. Thrun, L. K. 
Saul, and B. Scholkopf (Eds.), Advances in 
Neural Information Processing Systems, Vol­
ume 16, pp. 449-456. MIT Press.

Baldi, P. and S. Brunak (2001). Bioinformatics: The 
Machine Learning Approach (Second ed.). MIT 
Press.

Baldi, P. and K. Hornik (1989). Neural networks 
and principal component analysis: learning from 
examples without local minima. Neural Net­
works 2(1), 53-58.

Barber, D. and C. M. Bishop (1997). Bayesian 
model comparison by Monte Carlo chaining. In 
M. Mozer, M. Jordan, and T. Petsche (Eds.), Ad­
vances in Neural Information Processing Sys­
tems, Volume 9, pp. 333-339. MIT Press.

Barber, D. and C. M. Bishop (1998a). Ensemble 
learning for multi-layer networks. In M. I. Jor­
dan, K. J. Kearns, and S. A. Solla (Eds.), Ad­
vances in Neural Information Processing Sys­
tems, Volume 10, pp. 395-401.

Barber, D. and C. M. Bishop (1998b). Ensemble 
learning in Bayesian neural networks. In C. M. 
Bishop (Ed.), Generalization in Neural Networks 
and Machine Learning, pp. 215-237. Springer.

Bartholomew, D. J. (1987). Latent Variable Models 
and Factor Analysis. Charles Griffin.

Basilevsky, A. (1994). Statistical Factor Analysis 
and Related Methods: Theory and Applications. 
Wiley.

Bather, J. (2000). Decision Theory: An Introduction 
to Dynamic Programming and Sequential Deci­
sions. Wiley.

Baudat, G. and F. Anouar (2000). Generalized 
discriminant analysis using a kernel approach. 
Neural Computation 12(10), 2385-2404.

Baum, L. E. (1972). An inequality and associated 
maximization technique in statistical estimation 
of probabilistic functions of Markov processes. 
Inequalities 3, 1-8.

Becker, S. and Y. Le Cun (1989). Improving the con­
vergence of back-propagation learning with sec­
ond order methods. In D. Touretzky, G. E. Hin­
ton, and T. J. Sejnowski (Eds.), Proceedings of 
the 1988 Connectionist Models Summer School, 
pp. 29-37. Morgan Kaufmann.

Bell, A. J. and T. J. Sejnowski (1995). An infor­
mation maximization approach to blind separa­
tion and blind deconvolution. Neural Computa­
tion 7(6), 1129-1159.

Bellman, R. (1961). Adaptive Control Processes: A 
Guided Tour. Princeton University Press.

Bengio, Y. and P. Frasconi (1995). An input output 
HMM architecture. In G. Tesauro, D. S. Touret­
zky, and T. K. Leen (Eds.), Advances in Neural 
Information Processing Systems, Volume 1, pp. 
427-434. MIT Press.

Bennett, K. P. (1992). Robust linear programming 
discrimination of two linearly separable sets. Op­
timization Methods and Software 1, 23-34.

Berger, J. 0. (1985). Statistical Decision Theory and 
Bayesian Analysis (Second ed.). Springer.

Bernardo, J. M. and A. F. M. Smith (1994). Bayesian 
Theory. Wiley.

Berrou, C., A. Glavieux, and P. Thitimajshima 
(1993). Near Shannon limit error-correcting cod­
ing and decoding: Turbo-codes (1). In Proceed­
ings ICC’93, pp. 1064-1070.

Besag, J. (1974). On spatio-temporal models and 
Markov fields. In Transactions of the 7th Prague 
Conference on Information Theory, Statistical 
Decision Functions and Random Processes, pp. 
47-75. Academia.

Besag, J. (1986). On the statistical analysis of dirty 
pictures. Journal of the Royal Statistical Soci­
ety B-48, 259-302.

Besag, J., P. J. Green, D. Hidgon, and K. Megersen 
(1995). Bayesian computation and stochastic 
systems. Statistical Science 10(1), 3-66.



REFERENCES 713

Bishop, C. M. (1991). A fast procedure for retraining 
the multilayer perceptron. International Journal 
of Neural Systems 2(3), 229-236.

Bishop, C. M. (1992). Exact calculation of the 
Hessian matrix for the multilayer perceptron. 
Neural Computation 4(4), 494-501.

Bishop, C. M. (1993). Curvature-driven smoothing: 
a learning algorithm for feedforward networks. 
IEEE Transactions on Neural Networks 4(5), 
882-884.

Bishop, C. M. (1994). Novelty detection and neural 
network validation. IEE Proceedings: Vision, 
Image and Signal Processing 141(4), 217-222. 
Special issue on applications of neural networks.

Bishop, C. M. (1995a). Neural Networks for Pattern 
Recognition. Oxford University Press.

Bishop, C. M. (1995b). Training with noise is equiv­
alent to Tikhonov regularization. Neural Compu­
tation 7(1), 108-116.

Bishop, C. M. (1999a). Bayesian PCA. In M. S. 
Kearns, S. A. Solla, and D. A. Cohn (Eds.), Ad­
vances in Neural Information Processing Sys­
tems, Volume 11, pp. 382-388. MIT Press.

Bishop, C. M. (1999b). Variational principal 
components. In Proceedings Ninth Interna­
tional Conference on Artificial Neural Networks, 
ICANN’99, Volume 1, pp. 509-514. IEE.

Bishop, C. M. and G. D. James (1993). Analysis of 
multiphase flows using dual-energy gamma den­
sitometry and neural networks. Nuclear Instru­
ments and Methods in Physics Research A327, 
580-593.

Bishop, C. M. and I. T. Nabney (1996). Modelling 
conditional probability distributions for periodic 
variables. Neural Computation 8(5), 1123-1133.

Bishop, C. M. and I. T. Nabney (2008). Optimiza­
tion Algorithms for Machine Learning. In prepa­
ration.

Bishop, C. M., D. Spiegelhalter, and J. Winn 
(2003). VIBES: A variational inference engine 
for Bayesian networks. In S. Becker, S. Thrun, 
and K. Obermeyer (Eds.), Advances in Neural 

Information Processing Systems, Volume 15, pp. 
793-800. MIT Press.

Bishop, C. M. and M. Svensen (2003). Bayesian hi­
erarchical mixtures of experts. In U. Kjaerulff 
and C. Meek (Eds.), Proceedings Nineteenth 
Conference on Uncertainty in Artificial Intelli­
gence, pp. 57-64. Morgan Kaufmann.

Bishop, C. M., M. Svensen, and G. E. Hinton 
(2004). Distinguishing text from graphics in on­
line handwritten ink. In F. Kimura and H. Fu­
jisawa (Eds.), Proceedings Ninth International 
Workshop on Frontiers in Handwriting Recogni­
tion, IWFHR-9, Tokyo, Japan, pp. 142-147.

Bishop, C. M., M. Svensen, and C. K. I. Williams 
(1996). EM optimization of latent variable den­
sity models. In D. S. Touretzky, M. C. Mozer, 
and M. E. Hasselmo (Eds.), Advances in Neural 
Information Processing Systems, Volume 8, pp. 
465-471. MIT Press.

Bishop, C. M., M. Svensen, and C. K. I. Williams 
(1997a). GTM: a principled alternative to the 
Self-Organizing Map. In M. C. Mozer, M. I. Jor­
dan, and T. Petche (Eds.), Advances in Neural 
Information Processing Systems, Volume 9, pp. 
354-360. MIT Press.

Bishop, C. M., M. Svensen, and C. K. I. Williams 
(1997b). Magnification factors for the GTM al­
gorithm. In Proceedings IEE Fifth International 
Conference on Artificial Neural Networks, Cam­
bridge, U.K., pp. 64-69. Institute of Electrical 
Engineers.

Bishop, C. M., M. Svensen, and C. K. I. Williams 
(1998a). Developments of the Generative Topo­
graphic Mapping. Neurocomputing 21, 203­
224.

Bishop, C. M., M. Svensen, and C. K. I. Williams 
(1998b). GTM: the Generative Topographic 
Mapping. Neural Computation 10(1), 215-234.

Bishop, C. M. and M. E. Tipping (1998). A hier­
archical latent variable model for data visualiza­
tion. IEEE Transactions on Pattern Analysis and 
Machine Intelligence 20(3), 281-293.



714 REFERENCES

Bishop, C. M. and J. Winn (2000). Non-linear 
Bayesian image modelling. In Proceedings Sixth 
European Conference on Computer Vision, 
Dublin, Volume 1, pp. 3-17. Springer.

Blei, D. M., M. I. Jordan, and A. Y. Ng (2003). Hi­
erarchical Bayesian models for applications in 
information retrieval. In J. M. Bernardo et al. 
(Eds.), Bayesian Statistics, 7, pp. 25-43. Oxford 
University Press.

Block, H. D. (1962). The perceptron: a model 
for brain functioning. Reviews of Modern 
Physics 34(1), 123-135. Reprinted in Anderson 
and Rosenfeld (1988).

Blum, J. A. (1965). Multidimensional stochastic ap­
proximation methods. Annals of Mathematical 
Statistics 25, 737-744.

Bodlaender, H. (1993). A tourist guide through 
treewidth. Acta Cybernetica 11, 1-21.

Boser, B. E., I. M. Guyon, and V. N. Vapnik (1992). 
A training algorithm for optimal margin classi­
fiers. In D. Haussler (Ed.), Proceedings Fifth An­
nual Workshop on Computational Learning The­
ory (COLT), pp. 144-152. ACM.

Bourlard, H. and Y. Kamp (1988). Auto-association 
by multilayer perceptrons and singular value de­
composition. Biological Cybernetics 59, 291­
294.

Box, G. E. P., G. M. Jenkins, and G. C. Reinsel 
(1994). Time Series Analysis. Prentice Hall.

Box, G. E. P. and G. C. Tiao (1973). Bayesian Infer­
ence in Statistical Analysis. Wiley.

Boyd, S. and L. Vandenberghe (2004). Convex Opti­
mization. Cambridge University Press.

Boyen, X. and D. Koller (1998). Tractable inference 
for complex stochastic processes. In G. F. Cooper 
and S. Moral (Eds.), Proceedings 14th Annual 
Conference on Uncertainty in Artificial Intelli­
gence (UAI), pp. 33-42. Morgan Kaufmann.

Boykov, Y., 0. Veksler, and R. Zabih (2001). Fast 
approximate energy minimization via graph cuts. 
IEEE Transactions on Pattern Analysis and Ma­
chine Intelligence 23(11), 1222-1239.

Breiman, L. (1996). Bagging predictors. Machine 
Learning 26, 123-140.

Breiman, L., J. H. Friedman, R. A. Olshen, and 
P. J. Stone (1984). Classification and Regression 
Trees. Wadsworth.

Brooks, S. P. (1998). Markov chain Monte 
Carlo method and its application. The Statisti­
cian 47(1), 69-100.

Broomhead, D. S. and D. Lowe (1988). Multivari­
able functional interpolation and adaptive net­
works. Complex Systems 2, 321-355.

Buntine, W. and A. Weigend (1991). Bayesian back­
propagation. Complex Systems 5, 603-643.

Buntine, W. L. and A. S. Weigend (1993). Com­
puting second derivatives in feed-forward net­
works: a review. IEEE Transactions on Neural 
Networks 5(3), 480-488.

Burges, C. J. C. (1998). A tutorial on support vec­
tor machines for pattern recognition. Knowledge 
Discovery and Data Mining 2(2), 121-167.

Cardoso, J.-F. (1998). Blind signal separation: statis­
tical principles. Proceedings of the IEEE 9(10), 
2009-2025.

Casella, G. and R. L. Berger (2002). Statistical In­
ference (Second ed.). Duxbury.

Castillo, E., J. M. Gutiérrez, and A. S. Hadi (1997). 
Expert Systems and Probabilistic Network Mod­
els. Springer.

Chan, K., T. Lee, and T. J. Sejnowski (2003). Vari­
ational Bayesian learning of ICA with missing 
data. Neural Computation 15(8), 1991-2011.

Chen, A. M., H. Lu, and R. Hecht-Nielsen (1993). 
On the geometry of feedforward neural network 
error surfaces. Neural Computation 5(6), 910­
927.

Chen, M. H., Q. M. Shao, and J. G. Ibrahim (Eds.) 
(2001). Monte Carlo Methods for Bayesian Com­
putation. Springer.

Chen, S., C. F. N. Cowan, and P. M. Grant (1991). 
Orthogonal least squares learning algorithm for 
radial basis function networks. IEEE Transac­
tions on Neural Networks 2(2), 302-309.



REFERENCES 715

Choudrey, R. A. and S. J. Roberts (2003). Variational 
mixture of Bayesian independent component an­
alyzers. Neural Computation 15(1), 213-252.

Clifford, P. (1990). Markov random fields in statis­
tics. In G. R. Grimmett and D. J. A. Welsh (Eds.), 
Disorder in Physical Systems. A Volume in Hon­
our of John M. Hammersley, pp. 19-32. Oxford 
University Press.

Collins, M., S. Dasgupta, and R. E. Schapire (2002). 
A generalization of principal component analy­
sis to the exponential family. In T. G. Dietterich, 
S. Becker, and Z. Ghahramani (Eds.), Advances 
in Neural Information Processing Systems, Vol­
ume 14, pp. 617-624. MIT Press.

Comon, P., C. Jutten, and J. Herault (1991). Blind 
source separation, 2: problems statement. Signal 
Processing 24(1), 11-20.

Corduneanu, A. and C. M. Bishop (2001). Vari­
ational Bayesian model selection for mixture 
distributions. In T. Richardson and T. Jaakkola 
(Eds.), Proceedings Eighth International Confer­
ence on Artificial Intelligence and Statistics, pp. 
27-34. Morgan Kaufmann.

Cormen, T. H., C. E. Leiserson, R. L. Rivest, and 
C. Stein (2001). Introduction to Algorithms (Sec­
ond ed.). MIT Press.

Cortes, C. and V. N. Vapnik (1995). Support vector 
networks. Machine Learning 20, 273-297.

Cotter, N. E. (1990). The Stone-Weierstrass theo­
rem and its application to neural networks. IEEE 
Transactions on Neural Networks 1(4), 290-295.

Cover, T. and P. Hart (1967). Nearest neighbor pat­
tern classification. IEEE Transactions on Infor­
mation Theory IT-11, 21-27.

Cover, T. M. and J. A. Thomas (1991). Elements of 
Information Theory. Wiley.

Cowell, R. G., A. P. Dawid, S. L. Lauritzen, and D. J. 
Spiegelhalter (1999). Probabilistic Networks and 
Expert Systems. Springer.

Cox, R. T. (1946). Probability, frequency and 
reasonable expectation. American Journal of 
Physics 14(1), 1-13.

Cox, T. F. and M. A. A. Cox (2000). Multidimen­
sional Scaling (Second ed.). Chapman and Hall.

Cressie, N. (1993). Statistics for Spatial Data. Wiley.
Cristianini, N. and J. Shawe-Taylor (2000). Support 

vector machines and other kernel-based learning 
methods. Cambridge University Press.

Csato, L. and M. Opper (2002). Sparse on-line 
Gaussian processes. Neural Computation 14(3), 
641-668.

Csiszar, I. and G. Tusnady (1984). Information 
geometry and alternating minimization proce­
dures. Statistics and Decisions 1(1), 205-237.

Cybenko, G. (1989). Approximation by superposi­
tions of a sigmoidal function. Mathematics of 
Control, Signals and Systems 2, 304-314.

Dawid, A. P. (1979). Conditional independence in 
statistical theory (with discussion). Journal of the 
Royal Statistical Society, Series B 4, 1-31.

Dawid, A. P. (1980). Conditional independence for 
statistical operations. Annals of Statistics 8, 598­
617.

deFinetti, B. (1970). Theory of Probability. Wiley 
and Sons.

Dempster, A. P., N. M. Laird, and D. B. Rubin 
(1977). Maximum likelihood from incomplete 
data via the EM algorithm. Journal of the Royal 
Statistical Society, B 39(1), 1-38.

Denison, D. G. T., C. C. Holmes, B. K. Mallick, 
and A. F. M. Smith (2002). Bayesian Methods for 
Nonlinear Classification and Regression. Wiley.

Diaconis, P. and L. Saloff-Coste (1998). What do we 
know about the Metropolis algorithm? Journal 
of Computer and System Sciences 57, 20-36.

Dietterich, T. G. and G. Bakiri (1995). Solving 
multiclass learning problems via error-correcting 
output codes. Journal of Artificial Intelligence 
Research 2, 263-286.

Duane, S., A. D. Kennedy, B. J. Pendleton, and 
D. Roweth (1987). Hybrid Monte Carlo. Physics 
Letters B 195(2), 216-222.

Duda, R. 0. and P. E. Hart (1973). Pattern Classifi­
cation and Scene Analysis. Wiley.



716 REFERENCES

Duda, R. O., P. E. Hart, and D. G. Stork (2001). Pat­
tern Classification (Second ed.). Wiley.

Durbin, R., S. Eddy, A. Krogh, and G. Mitchi­
son (1998). Biological Sequence Analysis. Cam­
bridge University Press.

Dybowski, R. and S. Roberts (2005). An anthology 
of probabilistic models for medical informatics. 
In D. Husmeier, R. Dybowski, and S. Roberts 
(Eds.), Probabilistic Modeling in Bioinformatics 
and Medical Informatics, pp. 297-349. Springer.

Efron, B. (1979). Bootstrap methods: another look 
at the jackknife. Annals of Statistics 7, 1-26.

Elkan, C. (2003). Using the triangle inequality to ac­
celerate fc-means. In Proceedings of the Twelfth 
International Conference on Machine Learning, 
pp. 147-153. AAAI.

Elliott, R. J., L. Aggoun, and J. B. Moore (1995). 
Hidden Markov Models: Estimation and Con­
trol. Springer.

Ephraim, Y., D. Malah, and B. H. Juang (1989). 
On the application of hidden Markov models for 
enhancing noisy speech. IEEE Transactions on 
Acoustics, Speech and Signal Processing 37(12), 
1846-1856.

Erwin, E., K. Obermayer, and K. Schulten (1992). 
Self-organizing maps: ordering, convergence 
properties and energy functions. Biological Cy­
bernetics 67, 47-55.

Everitt, B. S. (1984). An Introduction to Latent Vari­
able Models. Chapman and Hall.

Paul, A. C. and M. E. Tipping (2002). Analysis of 
sparse Bayesian learning. In T. G. Dietterich, 
S. Becker, and Z. Ghahramani (Eds.), Advances 
in Neural Information Processing Systems, Vol­
ume 14, pp. 383-389. MIT Press.

Feller, W. (1966). An Introduction to Probability 
Theory and its Applications (Second ed.), Vol­
ume 2. Wiley.

Feynman, R. P., R. B. Leighton, and M. Sands 
(1964). The Feynman Lectures of Physics, Vol­
ume Two. Addison-Wesley. Chapter 19.

Fletcher, R. (1987). Practical Methods of Optimiza­
tion (Second ed.). Wiley.

Forsyth, D. A. and J. Ponce (2003). Computer Vi­
sion: A Modern Approach. Prentice Hall.

Freund, Y. and R. E. Schapire (1996). Experiments 
with a new boosting algorithm. In L. Saitta (Ed.), 
Thirteenth International Conference on Machine 
Learning, pp. 148-156. Morgan Kaufmann.

Frey, B. J. (1998). Graphical Models for Ma­
chine Learning and Digital Communication. 
MIT Press.

Frey, B. J. and D. J. C. MacKay (1998). A revolu­
tion: Belief propagation in graphs with cycles. In 
M. I. Jordan, M. J. Kearns, and S. A. Solla (Eds.), 
Advances in Neural Information Processing Sys­
tems, Volume 10. MIT Press.

Friedman, J. H. (2001). Greedy function approxima­
tion: a gradient boosting machine. Annals of Sta­
tistics 29(5), 1189-1232.

Friedman, J. H., T. Hastie, and R. Tibshirani (2000). 
Additive logistic regression: a statistical view of 
boosting. Annals of Statistics 28, 337-407.

Friedman, N. and D. Koller (2003). Being Bayesian 
about network structure: A Bayesian approach 
to structure discovery in Bayesian networks. Ma­
chine Learning 50, 95-126.

Frydenberg, M. (1990). The chain graph Markov 
property. Scandinavian Journal of Statistics 17, 
333-353.

Fukunaga, K. (1990). Introduction to Statistical Pat­
tern Recognition (Second ed.). Academic Press.

Funahashi, K. (1989). On the approximate realiza­
tion of continuous mappings by neural networks. 
Neural Networks 2(3), 183-192.

Fung, R. and K. C. Chang (1990). Weighting and 
integrating evidence for stochastic simulation in 
Bayesian networks. In P. P. Bonissone, M. Hen- 
rion, L. N. Kanal, and J. F. Lemmer (Eds.), Un­
certainty in Artificial Intelligence, Volume 5, pp. 
208-219. Elsevier.

Gallager, R. G. (1963). Low-Density Parity-Check 
Codes. MIT Press.



REFERENCES 717

Gamerman, D. (1997). Markov Chain Monte Carlo: 
Stochastic Simulation for Bayesian Inference. 
Chapman and Hall.

Gelman, A., J. B. Carlin, H. S. Stern, and D. B. Ru­
bin (2004). Bayesian Data Analysis (Second ed.). 
Chapman and Hall.

Geman, S. and D. Geman (1984). Stochastic re­
laxation, Gibbs distributions, and the Bayesian 
restoration of images. IEEE Transactions on Pat­
tern Analysis and Machine Intelligence 6(1), 
721-741.

Ghahramani, Z. and M. J. Beal (2000). Variational 
inference for Bayesian mixtures of factor ana­
lyzers. In S. A. Solla, T. K. Leen, and K. R. 
Muller (Eds.), Advances in Neural Information 
Processing Systems, Volume 12, pp. 449-455. 
MIT Press.

Ghahramani, Z. and G. E. Hinton (1996a). The 
EM algorithm for mixtures of factor analyzers. 
Technical Report CRG-TR-96-1, University of 
Toronto.

Ghahramani, Z. and G. E. Hinton (1996b). Para­
meter estimation for linear dynamical systems. 
Technical Report CRG-TR-96-2, University of 
Toronto.

Ghahramani, Z. and G. E. Hinton (1998). Varia­
tional learning for switching state-space models. 
Neural Computation 12(4), 963-996.

Ghahramani, Z. and M. I. Jordan (1994). Super­
vised learning from incomplete data via an EM 
appproach. In J. D. Cowan, G. T. Tesauro, and 
J. Alspector (Eds.), Advances in Neural Informa­
tion Processing Systems, Volume 6, pp. 120-127. 
Morgan Kaufmann.

Ghahramani, Z. and M. I. Jordan (1997). Factorial 
hidden Markov models. Machine Learning 29, 
245-275.

Gibbs, M. N. (1997). Bayesian Gaussian processes 
for regression and classification. Phd thesis, Uni­
versity of Cambridge.

Gibbs, M. N. and D. J. C. MacKay (2000). Varia­
tional Gaussian process classifiers. IEEE Trans­
actions on Neural Networks 11, 1458-1464.

Gilks, W. R. (1992). Derivative-free adaptive 
rejection sampling for Gibbs sampling. In 
J. Bernardo, J. Berger, A. P. Dawid, and A. F. M. 
Smith (Eds.), Bayesian Statistics, Volume 4. Ox­
ford University Press.

Gilks, W. R., N. G. Best, and K. K. C. Tan (1995). 
Adaptive rejection Metropolis sampling. Applied 
Statistics 44, 455-472.

Gilks, W. R., S. Richardson, and D. J. Spiegelhal­
ter (Eds.) (1996). Markov Chain Monte Carlo in 
Practice. Chapman and Hall.

Gilks, W. R. and P. Wild (1992). Adaptive rejec­
tion sampling for Gibbs sampling. Applied Sta­
tistics 41, 337-348.

Gill, P. E., W. Murray, and M. H. Wright (1981). 
Practical Optimization. Academic Press.

Goldberg, P. W., C. K. I. Williams, and C. M. 
Bishop (1998). Regression with input-dependent 
noise: A Gaussian process treatment. In Ad­
vances in Neural Information Processing Sys­
tems, Volume 10, pp. 493-499. MIT Press.

Golub, G. H. and C. F. Van Loan (1996). Matrix 
Computations (Third ed.). John Hopkins Univer­
sity Press.

Good, I. (1950). Probability and the Weighing of Ev­
idence. Hafners.

Gordon, N. J., D. J. Salmond, and A. F. M. Smith 
(1993). Novel approach to nonlinear/non- 
Gaussian Bayesian state estimation. IEE 
Proceedings-F 140(2), 107-113.

Graepel, T. (2003). Solving noisy linear operator 
equations by Gaussian processes: Application 
to ordinary and partial differential equations. In 
Proceedings of the Twentieth International Con­
ference on Machine Learning, pp. 234-241.

Greig, D., B. Porteous, and A. Seheult (1989). Ex­
act maximum a-posteriori estimation for binary 
images. Journal of the Royal Statistical Society, 
Series B 51(2), 271-279. ’ '

Gull, S. F. (1989). Developments in maximum en­
tropy data analysis. In J. Skilling (Ed.), Maxi­
mum Entropy and Bayesian Methods, pp. 53-71. 
Kluwer.



718 REFERENCES

Hassibi, B. and D. G. Stork (1993). Second order 
derivatives for network pruning: optimal brain 
surgeon. In S. J. Hanson, J. D. Cowan, and 
C. L. Giles (Eds.), Advances in Neural Informa­
tion Processing Systems, Volume 5, pp. 164-171. 
Morgan Kaufmann.

Hastie, T. and W. Stuetzle (1989). Principal curves. 
Journal of the American Statistical Associa­
tion 84(106), 502-516.

Hastie, T., R. Tibshirani, and J. Friedman (2001). 
The Elements of Statistical Learning. Springer.

Hastings, W. K. (1970). Monte Carlo sampling 
methods using Markov chains and their applica­
tions. Biometrika 57, 97-109.

Hathaway, R. J. (1986). Another interpretation of the 
EM algorithm for mixture distributions. Statistics 
and Probability Letters 4, 53-56.

Haussler, D. (1999). Convolution kernels on discrete 
structures. Technical Report UCSC-CRL-99-10, 
University of California, Santa Cruz, Computer 
Science Department.

Henrion, M. (1988). Propagation of uncertainty by 
logic sampling in Bayes’ networks. In J. F. Lem­
mer and L. N. Kanal (Eds.), Uncertainty in Arti­
ficial Intelligence, Volume 2, pp. 149-164. North 
Holland.

Herbrich, R. (2002). Learning Kernel Classifiers. 
MIT Press.

Hertz, J., A. Krogh, and R. G. Palmer (1991). In­
troduction to the Theory of Neural Computation. 
Addison Wesley.

Hinton, G. E., P. Dayan, and M. Revow (1997). 
Modelling the manifolds of images of handwrit­
ten digits. IEEE Transactions on Neural Net­
works 8(1), 65-74.

Hinton, G. E. and D. van Camp (1993). Keeping 
neural networks simple by minimizing the de­
scription length of the weights. In Proceedings of 
the Sixth Annual Conference on Computational 
Learning Theory, pp. 5-13. ACM.

Hinton, G. E., M. Welling, Y. W. Teh, and S. Osin- 
dero (2001). A new view of ICA. In Proceedings 

of the International Conference on Independent 
Component Analysis and Blind Signal Separa­
tion, Volume 3.

Hodgson, M. E. (1998). Reducing computational re­
quirements of the minimum-distance classifier. 
Remote Sensing of Environments 25, 117-128.

Hoerl, A. E. and R. Kennard (1970). Ridge regres­
sion: biased estimation for nonorthogonal prob­
lems. Technometrics 12, 55-67.

Hofmann, T. (2000). Learning the similarity of doc­
uments: an information-geometric approach to 
document retrieval and classification. In S. A. 
Solla, T. K. Leen, and K. R. Muller (Eds.), Ad­
vances in Neural Information Processing Sys­
tems, Volume 12, pp. 914-920. MIT Press.

Hojen-Sorensen, P. A., 0. Winther, and L. K. Hansen 
(2002). Mean field approaches to independent 
component analysis. Neural Computation 14(4), 
889-918.

Hornik, K. (1991). Approximation capabilities of 
multilayer feedforward networks. Neural Net­
works 4(2), 251-257.

Hornik, K., M. Stinchcombe, and H. White (1989). 
Multilayer feedforward networks are universal 
approximators. Neural Networks 2(5), 359-366.

Hotelling, H. (1933). Analysis of a complex of statis­
tical variables into principal components. Jour­
nal of Educational Psychology 24,417-441.

Hotelling, H. (1936). Relations between two sets of 
variables. Biometrika 28, 321-377.

Hyvarinen, A. and E. Oja (1997). A fast fixed-point 
algorithm for independent component analysis. 
Neural Computation 9(7), 1483-1492.

Isard, M. and A. Blake (1998). CONDENSATION 
- conditional density propagation for visual 
tracking. International Journal of Computer Vi­
sion 29(1), 5-18.

Ito, Y. (1991). Representation of functions by super­
positions of a step or sigmoid function and their 
applications to neural network theory. Neural 
Networks 4(3), 385-394.



REFERENCES 719

Jaakkola, T. and M. I. Jordan (2000). Bayesian para­
meter estimation via variational methods. Statis­
tics and Computing 10, 25-37.

Jaakkola, T. S. (2001). Tutorial on variational ap­
proximation methods. In M. Opper and D. Saad 
(Eds.), Advances in Mean Field Methods, pp. 
129-159. MIT Press.

Jaakkola, T. S. and D. Haussler (1999). Exploiting 
generative models in discriminative classifiers. In 
M. S. Kearns, S. A. Solla, and D. A. Cohn (Eds.), 
Advances in Neural Information Processing Sys­
tems, Volume 11. MIT Press.

Jacobs, R. A., M. I. Jordan, S. J. Nowlan, and G. E. 
Hinton (1991). Adaptive mixtures of local ex­
perts. Neural Computation 3(1), 79-87.

Jaynes, E. T. (2003). Probability Theory: The Logic 
of Science. Cambridge University Press.

Jebara, T. (2004). Machine Learning: Discrimina­
tive and Generative. Kluwer.

Jeffreys, H. (1946). An invariant form for the prior 
probability in estimation problems. Pro. Roy. 
Soc. AA 186, 453-461.

Jelinek, F. (1997). Statistical Methods for Speech 
Recognition. MIT Press.

Jensen, C., A. Kong, and U. Kjaerulff (1995). Block­
ing gibbs sampling in very large probabilistic 
expert systems. International Journal of Human 
Computer Studies. Special Issue on Real- World 
Applications of Uncertain Reasoning. 42, 647­
666.

Jensen, F. V. (1996). An Introduction to Bayesian 
Networks. UCL Press.

Jerrum, M. and A. Sinclair (1996). The Markov 
chain Monte Carlo method: an approach to ap­
proximate counting and integration. In D. S. 
Hochbaum (Ed.), Approximation Algorithms for 
NP-Hard Problems. PWS Publishing.

Jolliffe, I. T. (2002). Principal Component Analysis 
(Second ed.). Springer.

Jordan, M. I. (1999). Learning in Graphical Models. 
MIT Press.

Jordan, M. I. (2007). An Introduction to Probabilis­
tic Graphical Models. In preparation.

Jordan, M. I., Z. Ghahramani, T. S. Jaakkola, and 
L. K. Saul (1999). An introduction to variational 
methods for graphical models. In M. I. Jordan 
(Ed.), Learning in Graphical Models, pp. 105­
162. MIT Press.

Jordan, M. I. and R. A. Jacobs (1994). Hierarchi­
cal mixtures of experts and the EM algorithm. 
Neural Computation 6(2), 181-214.

Jutten, C. and J. Herault (1991). Blind separation of 
sources, 1: An adaptive algorithm based on neu­
romimetic architecture. Signal Processing 24(1), 
1-10.

Kalman, R. E. (1960). A new approach to linear fil­
tering and prediction problems. Transactions of 
the American Society for Mechanical Engineer­
ing, Series D, Journal of Basic Engineering 82, 
35-45.

Kambhatla, N. and T. K. Leen (1997). Dimension 
reduction by local principal component analysis. 
Neural Computation 9(7), 1493-1516.

Kanazawa, K., D. Koller, and S. Russel (1995). Sto­
chastic simulation algorithms for dynamic prob­
abilistic networks. In Uncertainty in Artificial In­
telligence, Volume 11. Morgan Kaufmann.

Kapadia, S. (1998). Discriminative Training of Hid­
den Markov Models. Phd thesis, University of 
Cambridge, U.K.

Kapur, J. (1989). Maximum entropy methods in sci­
ence and engineering. Wiley.

Karush, W. (1939). Minima of functions of several 
variables with inequalities as side constraints. 
Master’s thesis, Department of Mathematics, 
University of Chicago.

Kass, R. E. and A. E. Raftery (1995). Bayes fac­
tors. Journal of the American Statistical Associ­
ation 90, 377-395.

Kearns, M. J. and U. V. Vazirani (1994). An Intro­
duction to Computational Learning Theory. MIT 
Press.



720 REFERENCES

Kindermann, R. and J. L. Snell (1980). Markov Ran­
dom Fields and Their Applications. American 
Mathematical Society.

Kittler, J. and J. Foglein (1984). Contextual classifi­
cation of multispectral pixel data. Image and Vi­
sion Computing 2, 13-29.

Kohonen, T. (1982). Self-organized formation of 
topologically correct feature maps. Biological 
Cybernetics 43, 59-69.

Kohonen, T. (1995). Self-Organizing Maps. 
Springer.

Kolmogorov, V. and R. Zabih (2004). What en­
ergy functions can be minimized via graph cuts? 
IEEE Transactions on Pattern Analysis and Ma­
chine Intelligence 26(2), 147-159.

Kreinovich, V. Y. (1991). Arbitrary nonlinearity is 
sufficient to represent all functions by neural net­
works: a theorem. Neural Networks 4(3), 381­
383.

Krogh, A., M. Brown, I. S. Mian, K. Sjolander, and 
D. Haussler (1994). Hidden Markov models in 
computational biology: Applications to protein 
modelling. Journal of Molecular Biology 235, 
1501-1531.

Kschischnang, F. R., B. J. Frey, and H. A. Loeliger 
(2001). Factor graphs and the sum-product algo­
rithm. IEEE Transactions on Information The­
ory 47(2), 498-519.

Kuhn, H. W. and A. W. Tucker (1951). Nonlinear 
programming. In Proceedings of the 2nd Berke­
ley Symposium on Mathematical Statistics and 
Probabilities, pp. 481-492. University of Cali­
fornia Press.

Kullback, S. and R. A. Leibler (1951). On informa­
tion and sufficiency. Annals of Mathematical Sta­
tistics 22(1), 79-86.

Kúrková, V. and P. C. Kainen (1994). Functionally 
equivalent feed-forward neural networks. Neural 
Computation 6(3), 543-558.

Kuss, M. and C. Rasmussen (2006). Assessing ap­
proximations for Gaussian process classification. 

In Advances in Neural Information Processing 
Systems, Number 18. MIT Press, in press.

Lasserre, J., C. M. Bishop, and T. Minka (2006). 
Principled hybrids of generative and discrimina­
tive models. In Proceedings 2006 IEEE Confer­
ence on Computer Vision and Pattern Recogni­
tion, New York.

Lauritzen, S. and N. Wermuth (1989). Graphical 
models for association between variables, some 
of which are qualitative some quantitative. An­
nals of Statistics 17, 31-57.

Lauritzen, S. L. (1992). Propagation of probabilities, 
means and variances in mixed graphical associa­
tion models. Journal of the American Statistical 
Association 87, 1098-1108.

Lauritzen, S. L. (1996). Graphical Models. Oxford 
University Press.

Lauritzen, S. L. and D. J. Spiegelhalter (1988). Lo­
cal computations with probabailities on graphical 
structures and their application to expert systems. 
Journal of the Royal Statistical Society 50, 157­
224.

Lawley, D. N. (1953). A modified method of esti­
mation in factor analysis and some large sam­
ple results. In Uppsala Symposium on Psycho­
logical Factor Analysis, Number 3 in Nordisk 
Psykologi Monograph Series, pp. 35-42. Upp­
sala: Almqvist and Wiksell.

Lawrence, N. D., A. I. T. Rowstron, C. M. Bishop, 
and M. J. Taylor (2002). Optimising synchro­
nisation times for mobile devices. In T. G. Di­
etterich, S. Becker, and Z. Ghahramani (Eds.), 
Advances in Neural Information Processing Sys­
tems, Volume 14, pp. 1401-1408. MIT Press.

Lazarsfeld, P. F. and N. W. Henry (1968). Latent 
Structure Analysis. Houghton Mifflin.

Le Cun, Y., B. Boser, J. S. Denker, D. Henderson, 
R. E. Howard, W. Hubbard, and L. D. Jackel 
(1989). Backpropagation applied to handwritten 
zip code recognition. Neural Computation 1(4), 
541-551.

Le Cun, Y., J. S. Denker, and S. A. Solla (1990). 
Optimal brain damage. In D. S. Touretzky (Ed.), 



REFERENCES 721

Advances in Neural Information Processing Sys­
tems, Volume 2, pp. 598-605. Morgan Kauf­
mann.

LeCun, Y., L. Bottou, Y. Bengio, and P. Haffner 
(1998). Gradient-based learning applied to doc­
ument recognition. Proceedings of the IEEE 86, 
2278-2324.

Lee, Y., Y. Lin, and G. Wahba (2001). Multicategory 
support vector machines. Technical Report 1040, 
Department of Statistics, University of Madison, 
Wisconsin.

Leen, T. K. (1995). From data distributions to regu­
larization in invariant learning. Neural Computa­
tion 7, 974-981.

Lindley, D. V. (1982). Scoring rules and the in­
evitability of probability. International Statisti­
cal Review 50, 1-26.

Liu, J. S. (Ed.) (2001). Monte Carlo Strategies in 
Scientific Computing. Springer.

Lloyd, S. P. (1982). Least squares quantization in 
PCM. IEEE Transactions on Information The­
ory 28(2), 129-137.

Lutkepohl, H. (1996). Handbook of Matrices. Wiley.
MacKay, D. J. C. (1992a). Bayesian interpolation. 

Neural Computation 4(3), 415-447.
MacKay, D. J. C. (1992b). The evidence framework 

applied to classification networks. Neural Com­
putation 4(5), 720-736.

MacKay, D. J. C. (1992c). A practical Bayesian 
framework for back-propagation networks. 
Neural Computation 4(3), 448-472.

MacKay, D. J. C. (1994). Bayesian methods for 
backprop networks. In E. Domany, J. L. van 
Hemmen, and K. Schulten (Eds.), Models of 
Neural Networks, III, Chapter 6, pp. 211-254. 
Springer.

MacKay, D. J. C. (1995). Bayesian neural networks 
and density networks. Nuclear Instruments and 
Methods in Physics Research, A 354(1), 73-80.

MacKay, D. J. C. (1997). Ensemble learning for hid­
den Markov models. Unpublished manuscript, 

Department of Physics, University of Cam­
bridge.

MacKay, D. J. C. (1998). Introduction to Gaussian 
processes. In C. M. Bishop (Ed.), Neural Net­
works and Machine Learning, pp. 133-166. 
Springer.

MacKay, D. J. C. (1999). Comparison of approx­
imate methods for handling hyperparameters. 
Neural Computation 11(5), 1035-1068.

MacKay, D. J. C. (2003). Information Theory, Infer­
ence and Learning Algorithms. Cambridge Uni­
versity Press.

MacKay, D. J. C. and M. N. Gibbs (1999). Den­
sity networks. In J. W. Kay and D. M. Tittering­
ton (Eds.), Statistics and Neural Networks: Ad­
vances at the Interface, Chapter 5, pp. 129-145. 
Oxford University Press.

MacKay, D. J. C. and R. M. Neal (1999). Good error­
correcting codes based on very sparse matrices. 
IEEE Transactions on Information Theory 45, 
399-431.

MacQueen, J. (1967). Some methods for classifica­
tion and analysis of multivariate observations. In 
L. M. LeCam and J. Neyman (Eds.), Proceed­
ings of the Fifth Berkeley Symposium on Mathe­
matical Statistics and Probability, Volume I, pp. 
281-297. University of California Press.

Magnus, J. R. and H. Neudecker (1999). Matrix Dif­
ferential Calculus with Applications in Statistics 
and Econometrics. Wiley.

Mallat, S. (1999). A Wavelet Tour of Signal Process­
ing (Second ed.). Academic Press.

Manning, C. D. and H. Schutze (1999). Foundations 
of Statistical Natural Language Processing. MIT 
Press.

Mardia, K. V. and P. E. Jupp (2000). Directional Sta­
tistics. Wiley.

Maybeck, P. S. (1982). Stochastic models, estima­
tion and control. Academic Press.

McAllester, D. A. (2003). PAC-Bayesian stochastic 
model selection. Machine Learning 51(1), 5-21.



722 REFERENCES

McCullagh, P. and J. A. Nelder (1989). Generalized 
Linear Models (Second ed.). Chapman and Hall.

McCulloch, W. S. and W. Pitts (1943). A logical 
calculus of the ideas immanent in nervous ac­
tivity. Bulletin of Mathematical Biophysics 5, 
115-133. Reprinted in Anderson and Rosenfeld 
(1988).

McEliece, R. J., D. J. C. MacKay, and J. F. Cheng 
(1998). Turbo decoding as an instance of Pearl’s 
‘Belief Ppropagation’ algorithm. IEEE Journal 
on Selected Areas in Communications 16, 140­
152.

McLachlan, G. J. and K. E. Basford (1988). Mixture 
Models: Inference and Applications to Cluster­
ing. Marcel Dekker.

McLachlan, G. J. and T. Krishnan (1997). The EM 
Algorithm and its Extensions. Wiley.

McLachlan, G. J. and D. Peel (2000). Finite Mixture 
Models. Wiley.

Meng, X. L. and D. B. Rubin (1993). Maximum like­
lihood estimation via the ECM algorithm: a gen­
eral framework. Biometrika 80, 267-278.

Metropolis, N., A. W. Rosenbluth, M. N. Rosen­
bluth, A. H. Teller, and E. Teller (1953). Equa­
tion of state calculations by fast computing 
machines. Journal of Chemical Physics 21(6), 
1087-1092.

Metropolis, N. and S. Ulam (1949). The Monte 
Carlo method. Journal of the American Statisti­
cal Association 44(247), 335-341.

Mika, S., G. Rätsch, J. Weston, and B. Schölkopf 
(1999). Fisher discriminant analysis with ker­
nels. In Y. H. Hu, J. Larsen, E. Wilson, and 
S. Douglas (Eds.), Neural Networks for Signal 
Processing IX, pp. 41-48. IEEE.

Minka, T. (1998). Inferring a Gaussian distrib­
ution. Media Lab note, MIT. Available from 
http://research.microsoft.com/~minka/.

Minka, T. (2001a). Expectation propagation for ap­
proximate Bayesian inference. In J. Breese and 
D. Koller (Eds.), Proceedings of the Seventeenth

Conference on Uncertainty in Artificial Intelli­
gence, pp. 362-369. Morgan Kaufmann.

Minka, T. (2001b). A family of approximate al­
gorithms for Bayesian inference. Ph. D. thesis, 
MIT.

Minka, T. (2004). Power EP. Technical Report 
MSR-TR-2004-149, Microsoft Research Cam­
bridge.

Minka, T. (2005). Divergence measures and mes­
sage passing. Technical Report MSR-TR-2005- 
173, Microsoft Research Cambridge.

Minka, T. P. (2001c). Automatic choice of dimen­
sionality for PCA. In T. K. Leen, T. G. Diet­
terich, and V. Tresp (Eds.), Advances in Neural 
Information Processing Systems, Volume 13, pp. 
598-604. MIT Press.

Minsky, M. L. and S. A. Papert (1969). Perceptrons. 
MIT Press. Expanded edition 1990.

Miskin, J. W. and D. J. C. MacKay (2001). Ensem­
ble learning for blind source separation. In S. J. 
Roberts and R. M. Everson (Eds.), Independent 
Component Analysis: Principles and Practice. 
Cambridge University Press.

Mpller, M. (1993). Efficient Training of Feed­
Forward Neural Networks. Ph. D. thesis, Aarhus 
University, Denmark.

Moody, J. and C. J. Darken (1989). Fast learning 
in networks of locally-tuned processing units. 
Neural Computation 1(2), 281-294.

Moore, A. W. (2000). The anchors hierarch: us­
ing the triangle inequality to survive high dimen­
sional data. In Proceedings of the Twelfth Con­
ference on Uncertainty in Artificial Intelligence, 
pp. 397-405.

Müller, K. R., S. Mika, G. Rätsch, K. Tsuda, and 
B. Schölkopf (2001). An introduction to kernel­
based learning algorithms. IEEE Transactions on 
Neural Networks 12(2), 181-202.

Muller, P. and F. A. Quintana (2004). Nonparametric 
Bayesian data analysis. Statistical Science 19(1), 
95-110.

http://research.microsoft.com/%7Eminka/


REFERENCES 723

Nabney, I. T. (2002). Netlab: Algorithms for Pattern 
Recognition. Springer.

Nadaraya, E. A. (1964). On estimating regression. 
Theory of Probability and its Applications 9(1), 
141-142.

Nag, R., K. Wong, and F. Fallside (1986). Script 
recognition using hidden markov models. In 
ICASSP86, pp. 2071-2074. IEEE.

Neal, R. M. (1993). Probabilistic inference using 
Markov chain Monte Carlo methods. Technical 
Report CRG-TR-93-1, Department of Computer 
Science, University of Toronto, Canada.

Neal, R. M. (1996). Bayesian Learning for Neural 
Networks. Springer. Lecture Notes in Statistics 
118.

Neal, R. M. (1997). Monte Carlo implementation of 
Gaussian process models for Bayesian regression 
and classification. Technical Report 9702, De­
partment of Computer Statistics, University of 
Toronto.

Neal, R. M. (1999). Suppressing random walks in 
Markov chain Monte Carlo using ordered over­
relaxation. In M. I. Jordan (Ed.), Learning in 
Graphical Models, pp. 205-228. MIT Press.

Neal, R. M. (2000). Markov chain sampling for 
Dirichlet process mixture models. Journal of 
Computational and Graphical Statistics 9, 249­
265.

Neal, R. M. (2003). Slice sampling. Annals of Statis­
tics 31, 705-767.

Neal, R. M. and G. E. Hinton (1999). A new view of 
the EM algorithm that justifies incremental and 
other variants. In M. I. Jordan (Ed.), Learning in 
Graphical Models, pp. 355-368. MIT Press.

Nelder, J. A. and R. W. M. Wedderburn (1972). Gen­
eralized linear models. Journal of the Royal Sta­
tistical Society, A 135, 370-384.

Nilsson, N. J. (1965). Learning Machines. McGraw- 
Hill. Reprinted as The Mathematical Founda­
tions of Learning Machines, Morgan Kaufmann, 
(1990).

Nocedal, J. and S. J. Wright (1999). Numerical Op­
timization. Springer.

Nowlan, S. J. and G. E. Hinton (1992). Simplifying 
neural networks by soft weight sharing. Neural 
Computation 4(4), 473-493.

Ogden, R. T. (1997). Essential Wavelets for Statisti­
cal Applications and Data Analysis. Birkhauser.

Opper, M. and 0. Winther (1999). A Bayesian ap­
proach to on-line learning. In D. Saad (Ed.), On­
Line Learning in Neural Networks, pp. 363-378. 
Cambridge University Press.

Opper, M. and 0. Winther (2000a). Gaussian 
processes and SVM: mean field theory and 
leave-one-out. In A. J. Smola, P. L. Bartlett, 
B. Scholkopf, and D. Shuurmans (Eds.), Ad­
vances in Large Margin Classifiers, pp. 311-326. 
MIT Press.

Opper, M. and 0. Winther (2000b). Gaussian 
processes for classification. Neural Computa­
tion 12(11), 2655-2684.

Osuna, E., R. Freund, and F. Girosi (1996). Support 
vector machines: training and applications. A.I. 
Memo AIM-1602, MIT.

Papoulis, A. (1984). Probability, Random Variables, 
and Stochastic Processes (Second ed.). McGraw- 
Hill.

Parisi, G. (1988). Statistical Field Theory. Addison- 
Wesley.

Pearl, J. (1988). Probabilistic Reasoning in Intelli­
gent Systems. Morgan Kaufmann.

Pearlmutter, B. A. (1994). Fast exact multiplication 
by the Hessian. Neural Computation 6(1), 147­
160.

Pearlmutter, B. A. and L. C. Parra (1997). Maximum 
likelihood source separation: a context-sensitive 
generalization of ICA. In M. C. Mozer, M. I. Jor­
dan, and T. Petsche (Eds.), Advances in Neural 
Information Processing Systems, Volume 9, pp. 
613-619. MIT Press.

Pearson, K. (1901). On lines and planes of closest fit 
to systems of points in space. The London, Edin­



724 REFERENCES

burgh and Dublin Philosophical Magazine and 
Journal of Science, Sixth Series 2, 559-572.

Platt, J. C. (1999). Fast training of support vector 
machines using sequential minimal optimization. 
In B. Scholkopf, C. J. C. Burges, and A. J. Smola 
(Eds.), Advances in Kernel Methods - Support 
Vector Learning, pp. 185-208. MIT Press.

Platt, J. C. (2000). Probabilities for SV machines. 
In A. J. Smola, P. L. Bartlett, B. Scholkopf, and 
D. Shuurmans (Eds.), Advances in Large Margin 
Classifiers, pp. 61-73. MIT Press.

Platt, J. C., N. Cristianini, and J. Shawe-Taylor 
(2000). Large margin DAGs for multiclass clas­
sification. In S. A. Solla, T. K. Leen, and K. R. 
Muller (Eds.), Advances in Neural Information 
Processing Systems, Volume 12, pp. 547-553. 
MIT Press.

Poggio, T. and F. Girosi (1990). Networks for ap­
proximation and learning. Proceedings of the 
IEEE 78(9), 1481-1497.

Powell, M. J. D. (1987). Radial basis functions for 
multivariable interpolation: a review. In J. C. 
Mason and M. G. Cox (Eds.), Algorithms for 
Approximation, pp. 143-167. Oxford University 
Press.

Press, W. H., S. A. Teukolsky, W. T. Vetterling, and 
B. P. Flannery (1992). Numerical Recipes in C: 
The Art of Scientific Computing (Second ed.). 
Cambridge University Press.

Qazaz, C. S., C. K. I. Williams, and C. M. Bishop 
(1997). An upper bound on the Bayesian error 
bars for generalized linear regression. In S. W. 
Ellacott, J. C. Mason, and I. J. Anderson (Eds.), 
Mathematics of Neural Networks: Models, Algo­
rithms and Applications, pp. 295-299. Kluwer.

Quinlan, J. R. (1986). Induction of decision trees. 
Machine Learning 1(1), 81-106.

Quinlan, J. R. (1993). C4.5: Programs for Machine 
Learning. Morgan Kaufmann.

Rabiner, L. and B. H. Juang (1993). Fundamentals 
of Speech Recognition. Prentice Hall.

Rabiner, L. R. (1989). A tutorial on hidden Markov 
models and selected applications in speech 
recognition. Proceedings of the IEEE 77(2), 
257-285.

Ramasubramanian, V. and K. K. Paliwal (1990). A 
generalized optimization of the k-d tree for fast 
nearest-neighbour search. In Proceedings Fourth 
IEEE Region IO International Conference (TEN- 
CON‘89), pp. 565-568. '

Ramsey, F. (1931). Truth and probability. In 
R. Braithwaite (Ed.), The Foundations of Math­
ematics and other Logical Essays. Humanities 
Press.

Rao, C. R. and S. K. Mitra (1971). Generalized In­
verse of Matrices and Its Applications. Wiley.

Rasmussen, C. E. (1996). Evaluation of Gaussian 
Processes and Other Methods for Non-Linear 
Regression. Ph. D. thesis, University of Toronto.

Rasmussen, C. E. and J. Quinonero-Candela (2005). 
Healing the relevance vector machine by aug­
mentation. In L. D. Raedt and S. Wrobel (Eds.), 
Proceedings of the 22nd International Confer­
ence on Machine Learning, pp. 689-696.

Rasmussen, C. E. and C. K. I. Williams (2006). 
Gaussian Processes for Machine Learning. MIT 
Press.

Rauch, H. E., F. Tung, and C. T. Striebel (1965). 
Maximum likelihood estimates of linear dynam­
ical systems. AIAA Journal 3, 1445-1450.

Ricotti, L. P., S. Ragazzini, and G. Martinelli (1988). 
Learning of word stress in a sub-optimal second 
order backpropagation neural network. In Pro­
ceedings of the IEEE International Conference 
on Neural Networks, Volume 1, pp. 355-361. 
IEEE.

Ripley, B. D. (1996). Pattern Recognition and 
Neural Networks. Cambridge University Press.

Robbins, H. and S. Monro (1951). A stochastic 
approximation method. Annals of Mathematical 
Statistics 22, 400-407.

Robert, C. P. and G. Casella (1999). Monte Carlo 
Statistical Methods. Springer.



REFERENCES 725

Rockafellar, R. (1972). Convex Analysis. Princeton 
University Press.

Rosenblatt, F. (1962). Principles of Neurodynam­
ics: Perceptrons and the Theory of Brain Mech­
anisms. Spartan.

Roth, V. and V. Steinhage (2000). Nonlinear discrim­
inant analysis using kernel functions. In S. A. 
Solla, T. K. Leen, and K. R. Muller (Eds.), Ad­
vances in Neural Information Processing Sys­
tems, Volume 12. MIT Press.

Roweis, S. (1998). EM algorithms for PCA and 
SPCA. In M. I. Jordan, M. J. Kearns, and S. A. 
Solla (Eds.), Advances in Neural Information 
Processing Systems, Volume 10, pp. 626-632. 
MIT Press.

Roweis, S. and Z. Ghahramani (1999). A unifying 
review of linear Gaussian models. Neural Com­
putation 11(2), 305-345.

Roweis, S. and L. Saul (2000, December). Nonlinear 
dimensionality reduction by locally linear em­
bedding. Science 290, 2323-2326.

Rubin, D. B. (1983). Iteratively reweighted least 
squares. In Encyclopedia of Statistical Sciences, 
Volume 4, pp. 272-275. Wiley.

Rubin, D. B. and D. T. Thayer (1982). EM al­
gorithms for ML factor analysis. Psychome- 
trika 47(1), 69-76.

Rumelhart, D. E., G. E. Hinton, and R. J. Williams 
(1986). Learning internal representations by er­
ror propagation. In D. E. Rumelhart, J. L. Mc­
Clelland, and the PDP Research Group (Eds.), 
Parallel Distributed Processing: Explorations 
in the Microstructure of Cognition, Volume 1: 
Foundations, pp. 318-362. MIT Press. Reprinted 
in Anderson and Rosenfeld (1988).

Rumelhart, D. E., J. L. McClelland, and the PDP 
Research Group (Eds.) (1986). Parallel Distrib­
uted Processing: Explorations in the Microstruc­
ture of Cognition, Volume 1: Foundations. MIT 
Press.

Sagan, H. (1969). Introduction to the Calculus of 
Variations. Dover.

Savage, L. J. (1961). The subjective basis of statisti­
cal practice. Technical report, Department of Sta­
tistics, University of Michigan, Ann Arbor.

Scholkopf, B., J. Platt, J. Shawe-Taylor, A. Smola, 
and R. C. Williamson (2001). Estimating the sup­
port of a high-dimensional distribution. Neural 
Computation 13(7), 1433-1471.

Scholkopf, B., A. Smola, and K.-R. Muller (1998). 
Nonlinear component analysis as a kernel 
eigenvalue problem. Neural Computation 10(5), 
1299-1319.

Scholkopf, B., A. Smola, R. C. Williamson, and P. L. 
Bartlett (2000). New support vector algorithms. 
Neural Computation 12(5), 1207-1245.

Scholkopf, B. and A. J. Smola (2002). Learning with 
Kernels. MIT Press.

Schwarz, G. (1978). Estimating the dimension of a 
model. Annals of Statistics 6, 461-464.

Schwarz, H. R. (1988). Einite element methods. Aca­
demic Press.

Seeger, M. (2003). Bayesian Gaussian Process Mod­
els: PAC-Bayesian Generalization Error Bounds 
and Sparse Approximations. Ph. D. thesis, Uni­
versity of Edinburg.

Seeger, M., C. K. I. Williams, and N. Lawrence 
(2003). Fast forward selection to speed up sparse 
Gaussian processes. In C. M. Bishop and B. Frey 
(Eds.), Proceedings Ninth International Work­
shop on Artificial Intelligence and Statistics, Key 
West, Florida.

Shachter, R. D. and M. Peot (1990). Simulation ap­
proaches to general probabilistic inference on be­
lief networks. In P. P. Bonissone, M. Henrion, 
L. N. Kanal, and J. F. Lemmer (Eds.), Uncer­
tainty in Artificial Intelligence, Volume 5. Else­
vier.

Shannon, C. E. (1948). A mathematical theory of 
communication. The Bell System Technical Jour­
nal 27(3), 379-423 and 623-656.

Shawe-Taylor, J. and N. Cristianini (2004). Kernel 
Methods for Pattern Analysis. Cambridge Uni­
versity Press.



726 REFERENCES

Sietsma, J. and R. J. F. Dow (1991). Creating artifi­
cial neural networks that generalize. Neural Net­
works 4(1), 67-79.

Simard, P., Y. Le Cun, and J. Denker (1993). Effi­
cient pattern recognition using a new transforma­
tion distance. In S. J. Hanson, J. D. Cowan, and 
C. L. Giles (Eds.), Advances in Neural Informa­
tion Processing Systems, Volume 5, pp. 50-58. 
Morgan Kaufmann.

Simard, P., B. Victorri, Y. Le Cun, and J. Denker 
(1992). Tangent prop - a formalism for specify­
ing selected invariances in an adaptive network. 
In J. E. Moody, S. J. Hanson, and R. P. Lippmann 
(Eds.), Advances in Neural Information Process­
ing Systems, Volume 4, pp. 895-903. Morgan 
Kaufmann.

Simard, P. Y., D. Steinkraus, and J. Platt (2003). 
Best practice for convolutional neural networks 
applied to visual document analysis. In Pro­
ceedings International Conference on Document 
Analysis and Recognition (ICDAR), pp. 958­
962. IEEE Computer Society.

Sirovich, L. (1987). Turbulence and the dynamics 
of coherent structures. Quarterly Applied Math­
ematics 45(3), 561-590.

Smola, A. J. and P. Bartlett (2001). Sparse greedy 
Gaussian process regression. In T. K. Leen, 
T. G. Dietterich, and V. Tresp (Eds.), Advances 
in Neural Information Processing Systems, Vol­
ume 13, pp. 619-625. MIT Press.

Spiegelhalter, D. and S. Lauritzen (1990). Sequential 
updating of conditional probabilities on directed 
graphical structures. Networks 20, 579-605.

Stinchecombe, M. and H. White (1989). Universal 
approximation using feed-forward networks with 
non-sigmoid hidden layer activation functions. In 
International Joint Conference on Neural Net­
works, Volume 1, pp. 613-618. IEEE.

Stone, J. V. (2004). Independent Component Analy­
sis: A Tutorial Introduction. MIT Press.

Sung, K. K. and T. Poggio (1994). Example-based 
learning for view-based human face detection. 
A.I. Memo 1521, MIT.

Sutton, R. S. and A. G. Barto (1998). Reinforcement 
Learning: An Introduction. MIT Press.

Svensen, M. and C. M. Bishop (2004). Ro­
bust Bayesian mixture modelling. Neurocomput­
ing 64, 235-25 2.

Tarassenko, L. (1995). Novelty detection for the 
identification of masses in mamograms. In Pro­
ceedings Fourth IEE International Conference 
on Artificial Neural Networks, Volume 4, pp. 
442-447. IEE.

Tax, D. and R. Duin (1999). Data domain descrip­
tion by support vectors. In M. Verleysen (Ed.), 
Proceedings European Symposium on Artificial 
Neural Networks, ESANN, pp. 251-256. D. Facto 
Press.

Teh, Y. W., M. I. Jordan, M. J. Beal, and D. M. Blei 
(2006). Hierarchical Dirichlet processes. Journal 
of the Americal Statistical Association, to appear.

Tenenbaum, J. B., V. de Silva, and J. C. Langford 
(2000, December). A global framework for non­
linear dimensionality reduction. Science 290, 
2319-2323.

Tesauro, G. (1994). TD-Gammon, a self-teaching 
backgammon program, achieves master-level 
play. Neural Computation 6(2), 215-219.

Thiesson, B., D. M. Chickering, D. Heckerman, and 
C. Meek (2004). ARMA time-series modelling 
with graphical models. In M. Chickering and 
J. Halpern (Eds.), Proceedings of the Twentieth 
Conference on Uncertainty in Artificial Intelli­
gence, Banff, Canada, pp. 552-560. AUAI Press.

Tibshirani, R. (1996). Regression shrinkage and se­
lection via the lasso. Journal of the Royal Statis­
tical Society, B 58, 267-288.

Tierney, L. (1994). Markov chains for exploring pos­
terior distributions. Annals of Statistics 22(4), 
1701-1762.

Tikhonov, A. N. and V. Y. Arsenin (1977). Solutions 
of Ill-Posed Problems. V. H. Winston.

Tino, P. and I. T. Nabney (2002). Hierarchical 
GTM: constructing localized non-linear projec­
tion manifolds in a principled way. IEEE Trans­



REFERENCES 727

actions on Pattern Analysis and Machine Intelli­
gence 24(5), 639-65 6.

Tino, P., I. T. Nabney, and Y. Sun (2001). Us­
ing directional curvatures to visualize folding 
patterns of the GTM projection manifolds. In 
G. Dorffner, H. Bischof, and K. Hornik (Eds.), 
Artificial Neural Networks - ICANN 2001, pp. 
421-428. Springer.

Tipping, M. E. (1999). Probabilistic visualisation of 
high-dimensional binary data. In M. S. Kearns, 
S. A. Solla, and D. A. Cohn (Eds.), Advances 
in Neural Information Processing Systems, Vol­
ume 11, pp. 592-598. MIT Press.

Tipping, M. E. (2001). Sparse Bayesian learning and 
the relevance vector machine. Journal of Ma­
chine Learning Research 1, 211-244.

Tipping, M. E. and C. M. Bishop (1997). Probabilis­
tic principal component analysis. Technical Re­
port NCRG/97/010, Neural Computing Research 
Group, Aston University.

Tipping, M. E. and C. M. Bishop (1999a). Mixtures 
of probabilistic principal component analyzers. 
Neural Computation 11(2), 443-482.

Tipping, M. E. and C. M. Bishop (1999b). Prob­
abilistic principal component analysis. Journal 
of the Royal Statistical Society, Series B 21(3), 
611-622.

Tipping, M. E. and A. Faul (2003). Fast marginal 
likelihood maximization for sparse Bayesian 
models. In C. M. Bishop and B. Frey (Eds.), 
Proceedings Ninth International Workshop on 
Artificial Intelligence and Statistics, Key West, 
Florida.

Tong, S. and D. Koller (2000). Restricted Bayes op­
timal classifiers. In Proceedings 17th National 
Conference on Artificial Intelligence, pp. 658­
664. AAAI.

Tresp, V. (2001). Scaling kernel-based systems to 
large data sets. Data Mining and Knowledge Dis­
covery 5(3), 197-211.

Uhlenbeck, G. E. and L. S. Ornstein (1930). On the 
theory of Brownian motion. Phys. Rev. 36, 823­
841.

Valiant, L. G. (1984). A theory of the learnable. 
Communications of the Association for Comput­
ing Machinery 27, 1134-1142.

Vapnik, V. N. (1982). Estimation of dependences 
based on empirical data. Springer.

Vapnik, V. N. (1995). The nature of statistical learn­
ing theory. Springer.

Vapnik, V. N. (1998). Statistical learning theory. Wi­
ley.

Veropoulos, K., C. Campbell, and N. Cristianini 
(1999). Controlling the sensitivity of support 
vector machines. In Proceedings of the Interna­
tional Joint Conference on Artificial Intelligence 
(IJCAI99), Workshop ML3, pp. 55-60.

Vidakovic, B. (1999). Statistical Modelling by 
Wavelets. Wiley.

Viola, P. and M. Jones (2004). Robust real-time face 
detection. International Journal of Computer Vi­
sion 57(2), 137-154.

Viterbi, A. J. (1967). Error bounds for convolu­
tional codes and an asymptotically optimum de­
coding algorithm. IEEE Transactions on Infor­
mation Theory IT-13, 260-267.

Viterbi, A. J. and J. K. Omura (1979). Principles of 
Digital Communication and Coding. McGraw- 
Hill.

Wahba, G. (1975). A comparison of GCV and GML 
for choosing the smoothing parameter in the gen­
eralized spline smoothing problem. Numerical 
Mathematics 24, 383-393.

Wainwright, M. J., T. S. Jaakkola, and A. S. Willsky 
(2005). A new class of upper bounds on the log 
partition function. IEEE Transactions on Infor­
mation Theory 51, 2313-2335.

Walker, A. M. (1969). On the asymptotic behaviour 
of posterior distributions. Journal of the Royal 
Statistical Society, B 31(1), 80-88.

Walker, S. G., P. Damien, P. W. Laud, and A. F. M. 
Smith (1999). Bayesian nonparametric inference 
for random distributions and related functions 
(with discussion). Journal of the Royal Statisti­
cal Society, B 61(3), 485-527.



728 REFERENCES

Watson, G. S. (1964). Smooth regression analysis. 
Sankhya: The Indian Journal of Statistics. Series 
A 26, 359-372.

Webb, A. R. (1994). Functional approximation by 
feed-forward networks: a least-squares approach 
to generalisation. IEEE Transactions on Neural 
Networks 5(3), 363-371.

Weisstein, E. W. (1999). CRC Concise Encyclopedia 
of Mathematics. Chapman and Hall, and CRC.

Weston, J. and C. Watkins (1999). Multi-class sup­
port vector machines. In M. Verlysen (Ed.), Pro­
ceedings ESANN’99, Brussels. D-Facto Publica­
tions.

Whittaker, J. (1990). Graphical Models in Applied 
Multivariate Statistics. Wiley.

Widrow, B. and M. E. Hoff (1960). Adaptive 
switching circuits. In IRE WESCON Convention 
Record, Volume 4, pp. 96-104. Reprinted in An­
derson and Rosenfeld (1988).

Widrow, B. and M. A. Lehr (1990). 30 years of adap­
tive neural networks: perceptron, madeline, and 
backpropagation. Proceedings of the IEEE 78(9), 
1415-1442.

Wiegerinck, W. and T. Heskes (2003). Fractional 
belief propagation. In S. Becker, S. Thrun, and 
K. Obermayer (Eds.), Advances in Neural Infor­
mation Processing Systems, Volume 15, pp. 455­
462. MIT Press.

Williams, C. K. I. (1998). Computation with infi­
nite neural networks. Neural Computation 10(5), 
1203-1216.

Williams, C. K. I. (1999). Prediction with Gaussian 
processes: from linear regression to linear pre­
diction and beyond. In M. I. Jordan (Ed.), Learn­
ing in Graphical Models, pp. 599-621. MIT 
Press.

Williams, C. K. I. and D. Barber (1998). Bayesian 
classification with Gaussian processes. IEEE 
Transactions on Pattern Analysis and Machine 
Intelligence 20, 1342-1351.

Williams, C. K. I. and M. Seeger (2001). Using the 
Nystrom method to speed up kernel machines. In 

T. K. Leen, T. G. Dietterich, and V. Tresp (Eds.), 
Advances in Neural Information Processing Sys­
tems, Volume 13, pp. 682-688. MIT Press.

Williams, O., A. Blake, and R. Cipolla (2005). 
Sparse Bayesian learning for efficient visual 
tracking. IEEE Transactions on Pattern Analysis 
and Machine Intelligence 27(8), 1292-1304.

Williams, P. M. (1996). Using neural networks to 
model conditional multivariate densities. Neural 
Computation 8(4), 843-854.

Winn, J. and C. M. Bishop (2005). Variational mes­
sage passing. Journal of Machine Learning Re­
search 6, 661-694.

Zarchan, P. and H. Musoff (2005). Fundamentals of 
Kalman Filtering: A Practical Approach (Sec­
ond ed.). AIAA.


